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Design and implementation of intelligent monitoring system for Web application
BAN Yanzijing, LI Hui, CHEN Mei, SUN Wu
(College of Computer Science and Technology, Guizhou University, Guiyang 550025, China)

[ Abstract] At present, performance monitoring and data analysis are crucial for Web application, but common monitoring systems
only display their performance data, and the manual analysis of complex and massive performance data conducted by operation and
maintenance personnel could increase the corresponding workload. In response to the above problems, an intelligent monitoring and
prediction system is designed and implemented, which can not only collect and display performance data of related resources in Web
application, but also make trend prediction based on the historical data, so that the operating personnel can predict the failure in
advance. First, the operating load is generated on the tested Web application through the stress testing tool; then, a performance
monitoring system built by Telegraf and InfluxDB is deployed to collect resource data of Web applications; finally, given the time
series characteristics of performance data, the system calls the LSTM neural network model to predict the short—term trend of the
performance data, and provides effective, accurate and timely decision support for the operation and maintenance of the Web
application.
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Fig. 3 Intelligent monitoring system functional modules
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Fig. 4 Intelligent monitoring system architecture
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