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Application of partially occluded face recognition in access control management
CHENG Honghao, WANG Xuehe

( Division of Computer Science, Heze Medical College, Heze 274000, Shandong, China)

Abstract; In recent years, due to the impact of public health events such as the COVID-19 pandemic, wearing masks has become
the new normal in daily life. This has posed significant challenges to traditional facial recognition technologies. In special scenarios
such as university laboratories, where sensitivity and safety requirements demand the identification and monitoring of individuals who
often need to wear masks, there is an urgent need for a solution that can accurately recognize faces even when they are partially
obscured by masks. This paper proposes a mask — wearing face recognition system based on MTCNN ( Multi — Task Cascaded
Convolutional Networks) and FaceNet, which is applied in the context of university laboratories. The results of face recognition are
transmitted back to the client, and the system also stores video clips for a certain period in the Kurento server, effectively supporting
laboratory security management and behavioral auditing. The system has been piloted in multiple laboratories and has achieved good
application results. It is expected to provide an efficient and accurate personnel management and security solution for special
scenarios such as university laboratories.
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Table 1 Comparison of recognition rates
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Table 2 Comparison of algorithm response times
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