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Communication network fault diagnosis based on improved extreme learning machine
QU Xindong, ZHU Shaoke, PAN Ye, ZHANG Guo

( China Mobile Communications Group Guangdong Co. , LTD, Guangzhou 510000, China)

Abstract; In order to improve the accuracy of communication network fault diagnosis, a communication network fault diagnosis
method based on an improved extreme learning machine is proposed. We optimized ELM using CS algorithm and established a
communication network fault diagnosis model based on CS-ELM. Using communication network fault data for simulation analysis
and comparing it with other models, the results show that the CS—ELM model has a high accuracy rate of 98. 57% in diagnosing the

test set, with higher diagnostic accuracy than other comparative models, verifying the correctness of the proposed communication

network fault diagnosis method.
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Fig. 1 Schematic diagram of Levy flight in a two — dimensional

plane
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Table 3 Number of misdiagnoses and accuracy of each model

1Y RIZ W% A EWR/ %
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ELM 6 91.43
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