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Review of formation control techniques for multi-agent systems
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2 School of Mechanical Engineering, Jilin Communications Polytechnic, Changchun 130015, China)

Abstract: With the rapid development of intelligent agent technology, single agent is no longer able to meet the development needs
due to their own limitations. The role of multi—agent formation control technology in practical applications becomes increasingly
prominent, and has become a research hotspot in the field of artificial intelligence control. Based on the research achievements of
domestic and foreign scholars for many years, this paper firstly introduces the research background and significance of multi—agent
system; secondly, starting from the two directions of formation control and obstacle avoidance control, the core ideas of various
common algorithms are introduced in detail, meanwhile the advantages, disadvantages and development trends of the algorithms are
analyzed; Then, the common control algorithms are summarized by using the list, and the feasibility of the fusion algorithm is
analyzed according to the disadvantages of the algorithm. Finally, in view of the existing control algorithm problems, the future
research direction of agent formation is prospected, and the feasible solution is provided.

Key words: multi—agent system; formation control; obstacle avoidance control; global planning for obstacle avoidance; local
planning for obstacle avoidance
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