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A multi-channel sentiment classification model construction
based on structural symbolic text
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Abstract; This paper proposes a new and improved sentiment classification model for processing mixed structural symbol and
textual texts containing face characters. The model integrates various techniques including multi — layer perceptron, statistical
sentiment scaling, pre—constructed dictionary, multi—channel processing and self —attentive mechanism, with high scalability and
interpretability. Compared with existing sentiment classification models, this model can better perceive the influence of face text on
text semantics and achieve text sentiment classification on this basis. Experimental results show that the model shows better
performance in text sentiment classification tasks incorporating face characters. In addition, the model can be used to solve other
natural language processing problems with mixed structured symbols and texts, providing new ideas and methods for the
development of the field of sentiment classification.
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Fig. 1 Model structure diagram
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Fig. 2 Structural diagram of face character training
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