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[ Abstract] The traditional KCF tracking algorithm uses the FHOG feature to describe the target training classifier to achieve
predictive tracking. When the illumination changes, the target and background colors are similar, and the target size changes, the
tracking result is inaccurate or even the target is lost. Therefore, this paper proposes a KCF tracking algorithm based on Kalman
filtering. First, the paper uses the HOG feature and the HSV color feature to describe the target to be tracked. Secondly, this paper
uses an adaptive scale estimation method. Finally, the algorithm proposed in this paper fuses the KCF framework with the Kalman
algorithm. After obtaining the first frame of the video, the Kalman algorithm is used to predict the position of the moving target,
and the KCF algorithm is trained according to the predicted target position. Based on the above, using the detection result obtained
by the KCF algorithm, the Kalman filter is updated to determine the position of the target in the next frame of the video sequence.
The improved algorithm has been tested several times on the AGV dataset collected in the laboratory. The algorithm has strong
robustness in the following situations as illumination changes, fast motion, and dimensional changes.
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